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Clara Correia-Melo2,3, Aleksej Zelezniak1,2,4 and
Markus Ralser2,3Abstract
All biosynthetically active cells release metabolites, in part due
to membrane leakage and cell lysis, but also in part due to
overflow metabolism and ATP-dependent membrane export. At
the same time, cells are adapted to sense and take up extra-
cellular nutrients when available, to minimize the number of
biochemical reactions that have to operate within a cell in par-
allel, and ultimately, to gain metabolic efficiency and biomass.
Within colonies, biofilms or tissues, the co-occurrence of
metabolite export and import enables the sharing of metabolites
as well as metabolic specialization of single cells. In this review
we discuss emerging biochemical concepts that give reasoning
for why cells overproduce and release metabolites, and how
these form the foundations for cooperative metabolite exchange
activity between cells. We place particular emphasis on
discussing the role of overflow metabolism in cells that exhibit
either the Warburg or Crabtree effect. Furthermore, we discuss
the profound physiological changes that cells undergo when
their metabolism switches from metabolite synthesis to uptake,
providing an explanation why metabolic specialization results in
non-genotypic heterogeneity at the single cell level.
Addresses
1 Department of Biology and Biological Engineering, Chalmers Uni-
versity of Technology, SE412 96 Gothenburg, Sweden
2 The Molecular Biology of Metabolism Laboratory, The Francis Crick
Institute, London NW1 1AT, United Kingdom
3 Department of Biochemistry and Cambridge Systems Biology Centre,
University of Cambridge, Cambridge CB2 1GA, United Kingdom
4 Science for Life Laboratory, Tomtebodavägen 23A, 17165 Solna,
Sweden
Corresponding author: Ralser, Markus (markus.ralser@crick.ac.uk)wCurrent Opinion in Systems Biology 2018, 8:97–108
This review comes from a themed issue on Regulatory and metabolic
networks (2018)
Edited by Uwe Sauer and Bas Teusink
For a complete overview see the Issue and the Editorial
Available online 16 December 2017
https://doi.org/10.1016/j.coisb.2017.12.001
2452-3100/© 2017 The Francis Crick Institute. Published by Elsevier
Ltd. This is an open access article under the CC BY license (http://
creativecommons.org/licenses/by/4.0/).ww.sciencedirect.comKeywords
Overflow metabolism, Metabolite exchange, Warburg effect, Crabtree
effect, Phenotypic heterogeneity, Exometabolome, Metabolite sensing.Introduction
To be competitive in their environment, cells from all
kingdoms of life have evolved a series of mechanisms to
sense nutrients and uptake the metabolites needed for
their growth and survival [1e4]. Metabolite uptake
saves energy, carbon and nitrogen, and is further bene-
ficial by reducing the number of biochemical reactions
that need to run in parallel, increasing metabolic effi-
ciency [5].
At the same time, biosynthetically active cells are known
to release a complex spectrum of metabolites [6e10],
and within communities, such as colonies, biofilms and
tissues, these metabolites can enrich the extracellular
space (Figure 1). The export of metabolites coupled
with the preference for cellular import (upon reaching a
critical concentration) allows for the exchange of me-
tabolites between cells and when this occurs within
microbial communities, such metabolite exchange per-
mits the survival of otherwise unculturable cells (auxo-
trophs). The extent of this metabolite exchange in
microbial environments is demonstrated by current es-
timates, that up to 90% of bacterial species are not
metabolically viable outside a community environment
[11e15]. Further, it is becoming increasingly clear that
metabolite export and import are equally important for
cells that do not completely depend on metabolite
sharing for growth (prototrophs), and that a broad
spectrum of metabolites are involved in these exchange
events (Figure 2) [10]. Moreover, when individual cells
switch from biosynthesis to uptake for a metabolite their
physiology shows to be fundamentally altered [16,17].
In this review we discuss these exchange interactions,
from the point of view that they do not solely emerge to
confer a selective advantage in the ecological and
evolutionary sense, but also as a consequence of basic
biochemical properties that underlie the function of the
metabolic network.Current Opinion in Systems Biology 2018, 8:97–108
Figure 1
Sources of extracellular metabolites in cellular communities, tissues and biofilms. Biosynthetically active cells release a complex spectrum of
metabolites, resulting in an extracellular space rich in products of metabolism. This rich exometabolome allows for the exchange of metabolites between
single cells via export/ import processes, enables survival of otherwise unculturable auxotrophs, and also changes the physiology of prototrophs that
reconfigure their metabolism to exploit these available nutrients. Sources of extracellular metabolites include overflow metabolism, ATP-dependent
export, membrane leakage and cell death. A main driver is the topological structure of the metabolic network leading to flux-coupling, imbalances of
anabolic over catabolic reactions, and non-enzymatic chemistry that requires metabolite repair through export (inset left). Membrane leakage and non-
selective transport processes are other important sources of extracellular metabolites (inset), as is cell death that is of particular importance for the
exometabolome in stress situations and in ageing cell communities (inset right).
98 Regulatory and metabolic networks (2018)Basic requirements for a metabolite
exchange interaction to emerge
In order for metabolite exchange to be of biological
relevance, a few basic conditions need to be fulfilled.
First, cells have to export metabolites at a rate where
relevant extracellular concentrations can be achieved in
the given community, tissue or environment. The rate
of accumulation is constrained by the environment and
cell density of the community or tissue: but equally
what a ‘relevant’ concentration is depends on the
molecule’s chemical nature (i.e. reactivity), cost of
biosynthesis (i.e. the ‘expensiveness’ of a metabolite),Current Opinion in Systems Biology 2018, 8:97–108and the essentialness of its function. The extracellular
presence of highly costly metabolites, such as thiamine
(vitamin B1), can be physiologically relevant at sub-
micromolar concentrations, while much higher con-
centrations are involved when cells share abundant
cellular metabolites, like amino acids, nucleotides or
polyamines [18e20]. Related to this is the second
requirement, that neighbouring cells need to sense and
uptake a particular metabolite. Indeed, mechanisms
that meet these conditions exist for a broad range of
metabolites, released by both eukaryotic and prokary-
otic cells [6,21,22].www.sciencedirect.com
Figure 2
The brewing process as a well-studied example of overproduction and release by a eukaryote for a complex spectrum of metabolites, under
conditions that do not require cooperation between cells. A multitude of metabolites are released by yeast cells, even under typical growth conditions
where there is no ecological pressure to cooperate in metabolism (adapted from [27]). The brewing process can result in the release of carbohydrates,
amino acids, and aromatic flavour compounds such as ethyl acetate, isoamyl acetate and ethyl phenyl acetate. The biological reasons behind overflows
are still debated, with causes appearing to be multifactorial and applying across species’ borders. While metabolites like acetate or ethanol are common
overflow metabolites, the production of flavour related components is not a generally observed phenomenon (i.e. it is species specific) and could have
evolved before domestication [102], potentially to attract fruit flies in order to promote their dispersal, outbreeding and survival under adverse conditions
[103]. Abbreviations: bG: b-glycosidase; DMS: dimethyl sulfide; DMSO: dimethyl sulfoxide; AAT: alcohol acetyltransferase; POF1: phenolic acid
decarboxylase; SO4
2−: sulphate; SO2: sulphur dioxide; H2S: hydrogen sulfide; tricarboxylic acid cycle; VDK: vicinal diketone; CoA: coenzyme A.
Biochemical principles underlying cellular metabolic specialization Campbell et al. 99The impact of metabolite uptake on cell physiology
depends on the ability of cells to re-configure their
metabolism to prioritise import over self-synthesis.
Without the ability to reconfigure their metabolism,
metabolite import would not provide any physiological
advantage. Furthermore, due to flux coupling within the
metabolic network [23], these re-configurations have
shown to have a system-wide impact, affecting regula-
tion at the transcriptome, proteome and metabolome
level; As a consequence, the physiology of the cell, its
stress resistance and growth, as well as its response to
gene deletions, can be altered to various degrees
(Figure 3) [17].
The mechanisms inducing metabolic re-configuration
have been best studied for amino acids and nucleo-
tides. The response to extracellular nutrient presence is,
at least in part, explained by concerted feedback inhi-
bition of the biosynthetic pathways involved. This is
demonstrated by feedback-resistant mutants, whichwww.sciencedirect.comhave been identified for several amino acid producing
pathways, where cells are deficient in sensing or uptake
processes and continue to produce a particular metab-
olite even though it remains present in the extracellular
environment [24].The role of the metabolic network topology
in the establishment of metabolite
exchange interactions
Why are cells producing more metabolites than needed
by themselves? At first, there are important ecological-
evolutionary models to consider in respect to the evo-
lution of metabolite exchange, cheating and coopera-
tivity [3,25,26]. However, in this review we concentrate
only on several metabolic network properties that result
in metabolite release, irrespective of there being an
ecological benefit to the cell. Indeed, many ground-
breaking findings, considering the principles of metab-
olite overproduction and release, are not described
within the ecological context but emerge from researchCurrent Opinion in Systems Biology 2018, 8:97–108
Figure 3
Physiological consequences of metabolite uptake versus synthesis at an individual cell and community level. The metabolic network is tightly
interlinked with the cell’s response to its environment, i.e. the change from metabolite synthesis to uptake has a huge impact on a cell’s physiology.
Metabolic reconfigurations are reflected on the transcriptome as well as the proteome, altering biochemical reactions and the metabolome, the cellular
redox state and, with it, the cell’s ability to tolerate stress. The metabolic state of a cell hence strongly determines its survival chances when environmental
conditions change. If cells specialize in metabolism, these differences are a source of cellular heterogeneity.
100 Regulatory and metabolic networks (2018)into biotechnology. In the fermentation process for
example, metabolite export can both be desired or un-
desired. We illustrate this situation for the brewing
process, a well-studied example, in which high quanti-
ties of metabolites including ethanol, amino acids, and
flavour compounds are released from yeast, defining the
very nature of the product, the fermented beverage
(Figure 2, [27]).
One overriding reason for the overproduction of certain
metabolites can be found in the topological structure of
the metabolic network itself. The metabolic network is
constrained by the underlying chemistry, in particular
the stoichiometry of chemical reactions, thermody-
namics, and the availability of catalysts (enzymes) and
cofactors [5,28e30]. Many reactions within the meta-
bolic network have been increasingly speculated to
originate back to a time of non-enzymatic chemistry,
wherein the evolution of early metabolic pathways was
constrained by the reaction spectrum achievable, with
metabolism’s first catalysts (most likely metal ions and
simple amino acids) e and not by the exact need of the
(now modern) cell [31e33]. Furthermore, as metabolicCurrent Opinion in Systems Biology 2018, 8:97–108reactions can also interfere with one another, due to
common moieties and structural similarity between
metabolites, the metabolic network is also constrained
in its expansion [5]. The result of these processes is a
remarkable conservation of the metabolic network to-
pological structure among the kingdoms of life, which is
in stark contrast with the great variability of individual
metabolic requirements of different organisms within
different environmental niches. Therefore despite
metabolism being highly regulated, it still needs to
overcome this deterministic stoichiometry. As a result,
in order for metabolic flux to permit all metabolites
being produced at a rate that fulfils the minimum
demand, some need to be overproduced. This is a
consequence of the high interconnectivity within the
metabolic network that prevents fluxes through
biosynthetic pathways occurring independently to one
another. For example, in yeast, >25% metabolites are
involved in >3 reactions, leading to system-wide flux
coupling, whereby it can be common for an increase in
the production of one metabolite leading to flux changes
for several other metabolites across the metabolic
network [23,34,35]. And with thousands of metaboliteswww.sciencedirect.com
Biochemical principles underlying cellular metabolic specialization Campbell et al. 101being connected by hundreds of enzyme-catalysed re-
actions, a frequent solution for achieving a growth-
optimal flux distribution is to export, rather than
recycle, a subset of the metabolites that have been
overproduced. Prominent examples for this have been
shown in Escherichia coli that, remarkably, lacks a degra-
dation pathway for many expensive amino acids, leading
to metabolite export being the sole option to avoid
accumulation beyond their optimal concentration range
[36e38]. Moreover, an imbalance in amino groups can
cause overflow metabolism whereby some amino acids
can be used as sinks connected to transamination re-
actions [39]. Another example is the preferential export
of uracil for balancing pyrimidine biosynthesis. Here,
when there is excess biosynthetic flux in the pyrimidine
pathway of E. coli, feedback inhibition occurs in a
downstream pathway step for uridine monophosphate
(UMP) kinase by uridine triphosphate (UTP), in effect
triggering the export of uracil [40].
Tradeoffs between proteins synthesis and metabolic
cost as a cause of overflow metabolism
When both oxygen and nutrients are abundant, cells
often switch from respiration to fermentation, a process
which can be related to the ‘Warburg effect’ in cancer
cells or the ‘Crabtree effect’ in yeast. Under these con-
ditions, there is a high degree of overflow metabolism,
leading to the extracellular accumulation of energetically
expensive carbohydrates (Figure 1). Despite their high
ATP demand, rapidly growing cells export lactate,
ethanol or acetate, instead of oxidizing pyruvate in the
Krebs cycle (also referred to as the tricarboxylic acid
(TCA) cycle), which would generate more ATP through
oxidative phosphorylation. Several explanations have
been proposed for why overflow metabolism occurs in
this context. One of the most recently discussed causes
is proteome resource allocation [7,41,42]. Under
nutrient rich conditions, respiratory enzymes are
substituted by smaller glycolytic enzymes allowing extra
space, for example, for additional substrate transporters
and proteome allocation for other processes such as
translation [43]. Glycolysis consequently becomes the
pathway of choice when intermediates need to be turned
over quickly, despite enzymes in both pathways having
similar kcats, meaning both modes of metabolism operate
at the same speed, and despite oxidative phosphorylation
generating more mmol ATP per gram dry weight per
hour. Therefore after correcting for protein production,
the small molecular weights of glycolytic enzymes mean
that glycolysis is more catalytically efficient per unit
protein (kcat/MW) than oxidative phosphorylation, for
generating ATP [7,42,44e46].
Is ATP always the metabolically limiting factor?
In view of the textbook-promoted picture of ATP pro-
duction as a limiting factor in central carbonmetabolism,
some additional restrictions need to be considered. This
perception most likely originated from, and applies to,www.sciencedirect.comthe study of energy metabolism in the skeletal muscle,
which was the focus of many keymetabolic studies in the
1960s and 1970s. When exercising, ATP available in
skeletal muscle cells is consumed rapidly. The ATP pool
then needs to be replenished readily, first with metab-
olites with a higher phosphotransfer potential, such as
phosphocreatine [47]. Once phosphocreatine becomes
limiting as well (within minutes), other metabolic
sources of ATP have to be activated. This is achieved in
the following order a) glycolysis (which can increase up
to a thousand-fold in flux), b) the Krebs cycle and
oxidative phosphorylation, which occur during mid-level
exercise, and c) b-oxidation of fatty acids, during long-
term exercise and in the adult heart [48].
In the context of the Warburg effect, one has to consider
however that there is a fundamental difference between
ATP consumption in the active muscle and when a cell
needs ATP for biomass growth. The latter process cou-
ples ATP consumption by definition to anabolism, which
requires access not only to ATP, but also to biosynthetic
precursors. Full glucose oxidation over the Krebs cycle
produces more ATP, but has a negative carbon balance:
In each complete round of the Krebs cycle, two carbon
molecules are converted into CO2, and are lost to the
cell in the absence of carbon fixation mechanisms. The
carbon balance is equally negative once carbon equiva-
lents are converted into fatty acids, as b-oxidation de-
pends on the Krebs cycle to generate ATP from acetyl-
CoA, with two carbon units entering the Krebs cycle as
acetyl-CoA, which are then released as CO2. For this
reason, mammals can not recreate a sufficient glucose
pool from carbon equivalents once they have been
oxidized in the Krebs cycle or converted into fatty acids.
Instead, glucose oxidation over glycolysis has a much
more favourable carbon balance permitting the cell
greater metabolic efficiency; During fermentative
metabolism lactate is excreted from cells, however, it is
not ‘lost’, as lactate (or ethanol, acetate or glycerol in the
case of microbes) can be re-imported into cells, serving
as a substrate for gluconeogenesis. In mammals, this
process is known as the Cori cycle [49], an archetypical
example of metabolic cooperativity between tissues.
The Cori cycle appears to also be implicated in meta-
bolic decision making. The lactate circulated can indeed
not only be used as a source for gluconeogenesis, but can
also serve as a substrate for the Krebs cycle to replenish
ATP when required. Indeed, recent results indicate that
in mice, the majority of Krebs cycle activity is fed
through lactate [50]. This situation appears to also be
associated with the ongoing exchange of lactate be-
tween cancer cells, a metabolic feature typical to many
glycolytic tumour cells [51].
Another facet of this problem is described in the
Membrane Real Estate Hypothesis [52]. This addresses
the problem that oxidative phosphorylation has its own
metabolic demands, with it depending on a supply ofCurrent Opinion in Systems Biology 2018, 8:97–108
102 Regulatory and metabolic networks (2018)oxygen to function as well as concomitantly, needing to
export CO2 produced in the Krebs cycle. When cells
grow bigger, they have a less favourable surface-to-
volume ratio, limiting gas exchange for oxidative phos-
phorylation [52]. For similar reasons, a restriction in
oxidative phosphorylation emerges also in solid tumours
that are characterized by hypoxia [53].
Redox balancing and overflow metabolism
The choice between fermentative and oxidative meta-
bolism also affects redox homoeostasis, with the elec-
tron transport chain and glycolysis respectively having
different effects on the release of reducing or oxidizing
molecules, during ATP generation [54]. The mainte-
nance of redox balance is indeed one reason why mi-
crobes use overflow metabolism when there is excess
glucose available, as secreted metabolites can act as
electron sinks for NADH, to regenerate NADþ for
glycolysis to occur [55]. In E. coli, the overflow of acetate
and other fermentation metabolites [56], and in
Saccharomyces cerevisiae, glycerol and ethanol production
[57], for instance, can be manipulated by interfering
with the NADH/NADþ balance.
Indeed, redox homoeostasis is reflected mainly by the
redox cofactors, nicotinamide adenine dinucleotide
(phosphate) (NAD(P)þ and NAD(P)H) and flavin
adenine dinucleotide (FAD and FADH2) [58]. Although
the redox potential of a cell is affected by both oxygen
and glucose utilisation, when glucose is in excess, the
cellular response is similar regardless of aerobic or
anaerobic conditions - metabolic intermediates accu-
mulate. This is due to the rate of glucose consumption
being greater than the capacity for reduced redox co-
factors to be oxidised. In glycolysis, glucose is oxidised
to two molecules of pyruvate, additionally two mole-
cules each of ATP and NADH are formed. To acquire
enough ATP through this low ATP yield pathway, cells
consume high amounts of glucose and subsequently
generate high levels of reducing equivalents (each
NADH corresponds to two reducing equivalents). As
NADþ is a substrate for glyceraldehyde-3-phosphate
dehydrogenase (GAPDH) in glycolysis, NADH needs
to be reoxidised to maintain glycolytic flux [59]. One
way this is achieved is by transferring the reducing
equivalents to partially oxidised metabolic in-
termediates, such as lactate and ethanol, which are then
released by the cell [60]. Overflow product formation is
therefore considered a rapid way in which cells restore a
high NADþ/NADH ratio, resulting in the excretion of
multiple catabolites such as lactate, acetate, succinate,
alcohols and CO2.Membrane leakage and promiscuous
transport activity
We consider it an unanswered question for which among
the above listed arguments is the main cause of overflowCurrent Opinion in Systems Biology 2018, 8:97–108metabolism in cells showing Warburg/ Crabtree effects.
It is however intuitive that multiple metabolic con-
straints apply in parallel. Depending on the species and
metabolic state, the different constraints may
contribute to a different extent. In other words, its
intuitive there is more than one single cause of the
Warburg or Crabtree effect. Nonetheless, this example
shows that in typical overflow, metabolites are removed
from cells through active and energy consuming trans-
port processes, revealing that metabolite export must
confer an advantage in typical metabolic situations,
otherwise cells would employ alternative mechanisms of
metabolite removal, such as catabolism and degradation.
In parallel however, another important source of extra-
cellular metabolites is leakage of metabolites through
the cell membrane and non-selective transport [61].
Membranes can only have obtained their present
(closed) structures upon the evolution of modern
transport systems, explaining why our cells could not
have evolved when membranes were completely sealed
already in early evolution [62]. It is therefore most likely
that membranes evolved to be highly selective barriers
over time, with changes in their lipid composition and a
myriad transport systems originating in order to fulfil the
specific function of regulating the intracellular pool of
metabolites [61]. Membrane permeability however,
although intrinsic, increases with age, size of the cell,
adverse environmental conditions and/ or properties of
the leaking metabolites themselves [63]. As a conse-
quence, any variable that causes a change in membrane
permeability also has a direct impact on metabolite
leakage. Some of these variables being temperature, pH,
osmolarity and nutrient availability, as well as the cell
cycle, growth rate and changes in lipid metabolism
[64,65].
Many membrane transporters and channels also
demonstrate varying degrees of specificity: Exporting
metabolite A can often not be achieved without also
exporting at least some of a structurally similar metab-
olite B, wherein the given transport system, such as
efflux pumps and transmembrane channels, lack the
required discriminatory power to distinguish between
the two metabolites [66]. The basic problem causative
to this is a finite structural diversity that exists within
the small-molecule metabolome, with the vast majority
of cellular metabolites possessing homologues with
highly overlapping structural features [5]. Recently, it
was proposed that these conditions could explain the
existence of low affinity transporters when nutrients are
plentiful, as they allow sufficient import while
preventing leakage of expensive metabolites [67].
Overflow metabolism caused by metabolite repair
A related cause of overflow metabolism is so called
metabolite repair. Not only transporters, but alsowww.sciencedirect.com
Biochemical principles underlying cellular metabolic specialization Campbell et al. 103enzymes are promiscuous, and together with non-
enzymatic reactions, a large number of metabolites
lacking biological function are formed within the cell
[68]. Some of these metabolites are toxic for cells; in
many cases for the simple reason that they possess
structural similarity to the metabolites they derive from,
and hence act as competitive inhibitors for the associ-
ated metabolic enzymes [5]. By exporting metabolites
formed by non-enzymatic or promiscuous reactivity for
which no specific export system exists [42], promiscu-
ous clearance subsequently prevents deleterious effects
on metabolism.Cell death
Under some conditions, programmed or spontaneous
cell death can also be a highly relevant source of extra-
cellular metabolites (Figure 1), and can indeed be an
evolutionary adaptation. In microbes, the recovery of
metabolites released from cell death, when nutrients
become limiting, helps remaining living cells to obtain
resources against competitors, exploiting rapid cell
growth followed by programmed cell death. This type of
‘harvesting’ strategy at the community level has also
shown to confer population survival up to several years,
whereby cell death and growth is balanced by nutrient
input originating only from dead cells [69]. Interestingly
at the point of starvation prior to cell death, some cells
are also known to release expensive secondary metabo-
lites with antibiotic properties as a survival strategy.
Such secondary metabolites, when taken up by neigh-
bouring competitors, lead to cell death and the release
of nutrients that can be taken up by producer cells to
exit starvation [70].
During apoptosis and other forms of programmed lysis,
the degradation of cellular proteins, nucleic acids, lipids
and polysaccharides by endogenous enzymes is known to
occur; these breakdown catabolites such as amino acids
and sugars are subsequently exported from the cell, at
the expense of a decline in cell biomass, cell density, and
an increasingly leaky cell wall before death occurs [71].
In bacteria, cell death has also shown to be involved in
biofilm formation, providing cells with nutrients, en-
zymes and polymers required for the biofilm matrix, or
with signals that trigger specific developmental and
evolutionary processes such as sporulation or horizontal
gene transfer [72e75]. Moreover, programmed cell
death in yeast and bacteria has shown to support com-
munity metabolism and the feeding of younger cells
when nutrients become limiting [72,76,77].How the exploitation of extracellular
metabolites affects cell physiology
Successful survival in competitive environments, where
resources are limited, relies on nutrient sensors and
transporters to efficiently bind and uptake metabolites
required by the cell [78,79]. These are active withinwww.sciencedirect.comcommunities and cellular tissues, where the source of
matrix metabolites are the co-growing cells. Cells
nurtured from the so-called ‘pool of shared goods’ can
feedback-inhibit their respective biosynthetic pathways
and hence become metabolically different to a cell
producing the respective metabolite. As the metabolic
network is tightly interlinked with the cell’s response to
its environment, the change from metabolite synthesis
to uptake has a broad impact on gene expression and cell
physiology (Figure 3) [80]. Phenotypically, this situation
is relevant as metabolism is highly interconnected with
the stress response machinery, demonstrated by the fact
that a metabolically reconfigured cell will respond
differently to a stress perturbation and have a different
chance of survival, relative to the same cell that had not
undergone any metabolic changes.
A helpful model for studying the biological impact of
cells re-configuring their metabolism from biosynthesis
to uptake, are auxotrophic marker alleles, which confer
nutrient dependency of otherwise prototrophic species.
Auxotrophic markers have been exploited for the spe-
cific reason of being essential metabolic deficiencies
that can be complemented with extracellular metabo-
lites, as genetic selection markers in laboratory experi-
ments. In S. cerevisiae, it has been shown that the
transcriptional response induced through four
commonly exploited auxotrophic markers, interfering
with histidine, leucine, uracil and methionine meta-
bolism, affects the expression of up to 2/3 rds of cellular
transcripts. Differentially expressed transcripts also
show to overlap with one third of the broad range of
transcriptional changes reported across a series of in-
dependent gene expression datasets, revealing that a
majority of cellular responses to gene loss are
confounded by metabolism [17]. The rationale for this
observation is the tight interconnectivity within meta-
bolism, leading to network-scale reconfiguration when
cells switch from metabolite uptake to synthesis.
Indeed, the transcriptional changes induced by auxot-
rophy correlate strongly with the metabolic flux distri-
bution. As a consequence, the metabolic background is
not confounding gene expression experiments in a linear
manner but will lead to different impacts on cell phys-
iology when the same perturbations are applied.
These metabolic differences affect the survival chances
of cells in a variety of stress situations. For instance, yeast
cells which differ in either uptaking or synthesizing
methionine have altered survival when cells are exposed
to oxidative stress, induced by the thiol oxidizing reagent
diamide. This phenotype depends on NADPþ to
NADPH reduction in the pentose phosphate pathway.
When cells do not need to synthesize methionine,
NADP(H) availability increases for the anti-oxidative
machinery [81]. Another example is the dissimilar
response of uracil producing and uracil consuming cells
to the oxidant hydrogen peroxide (H2O2), even whenCurrent Opinion in Systems Biology 2018, 8:97–108
104 Regulatory and metabolic networks (2018)these cells grow together under the same conditions
within the same colony. Here, the mitochondrial network
in uracil producers undergo a significantly higher degree
of mitochondrial fission compared to uracil consumers,
and at the same time, cells mount a higher resistance to
oxidant treatment, suggesting their altered uracil meta-
bolism confers a benefit to their survival [16]. A third
case is the role of the polyamine exporter TPO1, that
determines timing of the oxidant-induced cell cycle
through the export of antioxidant polyamines, that as a
consequence, become available to co-growing cells
during stress conditions [82].
Not only does the exchange of metabolites have a direct
metabolic role but also those metabolites with a
signalling function contribute to a cell’s stress response.
When it comes to interspecies’ landscapes, these
metabolite interactions can have sizeable physiological
consequences. Gut bacteria, for instance, have shown to
secrete N-acyl amides that activate G-protein coupled
receptors of the host’s intestinal cells [83], similarly, the
physiology and fitness of the fruit fly, Drosophila mela-
nogaster, has shown to be influenced by the metabolites
produced from their gut microbiome [84].Phenotypic heterogeneity emerges as a
consequence of metabolic specialisation
The intrinsic ability of cells to take up extracellular
metabolites, and the physiological changes that emerge
from this process, understandably can alter theFigure 4
Metabolite exchange interactions between co-growing cells within comm
between single cells via export/ import processes, are critical within microbial a
synthesis (producer) and uptake (consumer) is inherent to intercellular metab
features alongside the transcriptome, proteome, and metabolome, on a genom
environmental cues, reflecting different individual cellular phenotypes that con
Current Opinion in Systems Biology 2018, 8:97–108phenotype of the cell to a broad extent. As cells sense
nutrients independently, this situation can be associated
with phenotypic differences that arise between cells in a
population (Figure 4). Phenotypic heterogeneity is
known to enable bet-hedging strategies, providing a
population of isogenic cells with the flexibility to adapt
to a constantly changing environment [85]. It has also
been associated with infection [86,87], formation of
persister cells [62,88], resistance to environmental
stresses [16] and triggering specific developmental
processes [89,90]. In yeast, metabolic divergences be-
tween cells adapted to the uptake of a specific metab-
olite (auxotrophs) and those which have a broad
metabolic functionality (generalists), allow the com-
munity to find strategies for both the efficient adapta-
tion to new environments as well as to grow at a
competitive rate when conditions stay constant [91].
Single cells with non-genetic phenotypic differences in
metabolism can partially be explained by stochastic noise
in gene expression [92,93]. This “noise” is believed to
propagate to the cell cycle [94], growth rate [95],
epigenetic modifications and differences in transcrip-
tional activity [96]. Alternatively, metabolite exchange
interactions that allow the specialisation of single cells in
metabolism, are a biochemical source of heterogeneity.
For instance, cell-to-cell differences in gene expression
attributed to noise have shown to decline when amino
acids are supplemented, giving reason to speculate that
gene expression variability at the single cell level is, atunities. Metabolic interactions, relying on the exchange of metabolites
nd other multicellular communities. This process of switching between self-
olite exchange interactions and affects fundamental cellular physiological
e wide scale. This leads to wide ranging impacts on how cells respond to
tribute to cellular heterogeneity within a microbial community.
www.sciencedirect.com
Biochemical principles underlying cellular metabolic specialization Campbell et al. 105least in part, caused by metabolism [94]. Indeed, a
metabolic cause of cell heterogeneity has been suppor-
ted by multiple observations: at the single cell level,
measuring lactulose abundance in an E. coli population
showed that the levels of this enzyme is variable across
the population causing growth fluctuations, and hetero-
geneity [95]. Another example is provided in self-
establishing communities (SeMeCos), that allow the
tracking of individual metabotypes in the community
context [8]. In SeMeCos, a progressive increase in
metabolic co-dependencies as a colony forms is achieved
via the stochastic segregation of mini-chromosomes that
contain essential metabolic enzymes, to complement
genomic auxotrophies. This way, cells overcome their
inability to cooperate as observed upon direct mixing of
auxotrophs [97]. A key lesson to be learned from
SeMeCos is that there are several metabotypes that do
not make successful cooperators, while other combina-
tions of the same auxotrophic alleles are compatible with
effective cooperation [8]. One potential explanation for
the latter is that all metabolite export, sensing and
import is semi-selective. This means that although yeast
cells release a broad spectrum of metabolites [6,10], as
several belong to the same chemical category, such as
aromatic or branched chain amino acids, they are there-
fore coordinately regulated, synthesized and transported
[80,98]. Co-synthesis and co-transport hence puts con-
straints on the ability of cells to exchange connected
metabolites independently from one another.
Metabotypes that are successful cooperators in SeMe-
Cos, diverge strongly in their stress tolerance in a
metabolism-dependent manner [16]. In contrast, inef-
ficient cooperators do not diverge in stress tolerance,
even though they possess the same auxotrophic alleles
and co-grow inside the same colony [16]. This indicates
that active metabolite exchange is responsible for the
phenotypic diversity of the cooperating single cells. A
role of metabolic cooperativity in the establishment of
cellular heterogeneity may also be of therapeutic rele-
vance, as it indicates a therapeutic window to address
cellular heterogeneity without genetic intervention.
While noise in gene expression is difficult to target
pharmacologically, metabolic exchange interactions are
accessible by targeting the extracellular space, and could
therefore be altered by using intelligently designed
metabolic inhibitors.
Finally, metabolic cooperativity can also arise as a
consequence of spatial heterogeneity, whereby cells
diverge in stress tolerance due to spatial and,
concomitantly, temporal differences in access to nu-
trients. For bacteria and yeast, where cells can grow into
colonies on agar, the cells that locate closer to the
bottom of the colony have a more abundant supply of
nutrients than cells located proximal to the top. As the
colony develops, subpopulations emerge with mixedwww.sciencedirect.commetabolic specializations, caused by varying access of
colony cells to available nutrients. Cells with different
spatial localisation will subsequently undertake
different uptake and self-synthesis activity. The
metabolic niche will therefore determine the pheno-
type of the cells, which then also leads to divergence in
stress tolerance between individual cells within the
same colony [99,100]. A related situation has recently
been described in bacterial biofilms, in which meta-
bolic exchange activity results in collective growth os-
cillations that spread over spatial distances, allowing
populations to have increased resiliance to chemical
attack, as well as to increase in size and viability [101].Conclusions
Metabolite exchange interactions are an indispensable
feature of cellular physiology in both prokaryotic and
eukaryotic cells, and can affect the physiology of both
auxotrophic and prototrophic cells (Figure 4). The un-
derlying principles of metabolite export and import
emerge both from evolutionary adaptations to metabo-
lite exchange, but also from the consequences of
fundamental functional constraints operating within the
metabolic network. Overflow metabolism, concerning
cells exhibiting the Warburg and Crabtree effect, as well
as metabolite diffusion, through leaky membranes or
non-selective transport, all lead to the enrichment of the
cellular environment for a diverse array of metabolites.
In parallel, cells have evolved the ability to sense a wide
spectrum of metabolites and typically tend to prefer
import over biosynthesis. This situation enables indi-
vidual cells to exploit the exometabolome in order to
specialize in metabolism, that is, to streamline the
number of active metabolic reactions necessary for
growth, while also optimising their survival chances. As
the reprogramming of metabolism has wide ranging
physiological implications, the affected cells with
different metabotypes can subsequently diverge
extensively on the phenotypic level. Elucidating the
biological impact of metabolism-induced non-genetic
phenotypic heterogeneity, wherein cells dynamically
reconfigure metabolism based on nutrient availability,
will shed light on this key but barely understood feature
of single-cell physiology.References
Papers of particular interest, published within the period of review,
have been highlighted as:
* of special interest
* * of outstanding interest
1. Zelezniak A, Andrejev S, Ponomarova O, Mende DR, Bork P,
Patil KR: Metabolic dependencies drive species co-
occurrence in diverse microbial communities. Proc Natl Acad
Sci USA 2015, 112:6449–6454.
2. Niehus R, Picot A, Oliveira NM, Mitri S, Foster KR: The evolution
of siderophore production as a competitive trait. Evolution
2017, 71:1443–1455.Current Opinion in Systems Biology 2018, 8:97–108
106 Regulatory and metabolic networks (2018)3. Mitri S, Clarke E, Foster KR: Resource limitation drives spatial
organization in microbial groups. ISME J 2016, 10:
1471–1482.
4. Drescher K, Nadell CD, Stone HA, Wingreen NS, Bassler BL:
Solutions to the public goods dilemma in bacterial biofilms.
Curr Biol 2014, 24:50–55.
5. Alam MT, Olin-Sandoval V, Stincone A, Keller MA, Zelezniak A,
Luisi BF, Ralser M: The self-inhibitory nature of metabolic
networks and its alleviation through compartmentalization.
Nat Commun 2017, 8:16018.
6. Paczia N, Nilgen A, Lehmann T, Gätgens J, Wiechert W,
Noack S: Extensive exometabolome analysis reveals
extended overflow metabolism in various microorganisms.
Microb Cell Fact 2012, 11:122.
7. Basan M, Hui S, Okano H, Zhang Z, Shen Y, Williamson JR,
Hwa T: Overflow metabolism in Escherichia coli results from
efficient proteome allocation. Nature 2015, 528:99–104.
8. Campbell K, Vowinckel J,MüllederM,MalmsheimerS, LawrenceN,
Calvani E, Miller-Fleming L, Alam MT, Christen S, Keller MA, et al.:
Self-establishing communities enable cooperative metabolite
exchange in a eukaryote. Elife 2015, 4, e09943.
9. van Hoek MJA, Merks RMH: Emergence of microbial diversity
due to cross-feeding interactions in a spatial model of gut
microbial metabolism. BMC Syst Biol 2017, 11:56.
10. Ponomarova O, Gabrielli N, Sévin DC, Mülleder M, Zirngibl K,
Bulyha K, Andrejev S, Kafkia E, Typas A, Sauer U, et al.: Yeast
creates a niche for symbiotic lactic acid bacteria through
nitrogen overflow. Cell Syst 2017, 5. 345–357.e6.
11. Vartoukian SR, Adamowska A, Lawlor M, Moazzez R,
Dewhirst FE, Wade WG: In vitro cultivation of “Unculturable”
oral bacteria, facilitated by community culture and media
supplementation with siderophores. PLoS One 2016, 11,
e0146926.
12. Hays SG, Patrick WG, Ziesack M, Oxman N, Silver PA: Better
together: engineering and application of microbial symbio-
ses. Curr Opin Biotechnol 2015, 36:40–49.
13. Sczesnak A, Segata N, Qin X, Gevers D, Petrosino JF,
Huttenhower C, Littman DR, Ivanov II: The genome of th17 cell-
inducing segmented filamentous bacteria reveals extensive
auxotrophy and adaptations to the intestinal environment.
Cell Host Microbe 2011, 10:260–272.
14. Stewart EJ: Growing unculturable bacteria. J Bacteriol 2012,
194:4151–4160.
15
*
. Pande S, Kost C: Bacterial unculturability and the formation of
intercellular metabolic networks. Trends Microbiol 2017, 25:
349–361.
This review summarizes key ecological and biochemical concepts
leading to intercellular metabolic interactions enabling the survival of
auxotrophic species within communities.
16. Campbell K, Vowinckel J, Ralser M: Cell-to-cell heterogeneity
emerges as consequence of metabolic cooperation in a
synthetic yeast community. Biotechnol J 2016, 11:
1169–1178.
17. Alam MT, Zelezniak A, Mülleder M, Shliaha P, Schwarz R,
Capuano F, Vowinckel J, Radmanesfahar E, Krüger A, Calvani E,
et al.: The metabolic background is a global player in
Saccharomyces gene expression epistasis. Nat Microbiol
2016, 1:15030.
18. Slotboom DJ: Structural and mechanistic insights into pro-
karyotic energy-coupling factor transporters. Nat Rev Micro-
biol 2014, 12:79–87.
19. Miller-Fleming L, Olin-Sandoval V, Campbell K, Ralser M:
Remaining mysteries of molecular biology: the role of poly-
amines in the cell. J Mol Biol 2015, 427(21):3389–3406.
20. Hucker B, Wakeling L, Vriesekoop F: Vitamins in brewing:
presence and influence of thiamine and riboflavin on wort
fermentation. J Inst Brew 2016, 122:126–137.
21. Efeyan A, Comb WC, Sabatini DM: Nutrient-sensing mecha-
nisms and pathways. Nature 2015, 517:302–310.Current Opinion in Systems Biology 2018, 8:97–10822. Conrad M, Schothorst J, Kankipati HN, Van Zeebroeck G, Rubio-
Texeira M, Thevelein JM: Nutrient sensing and signaling in the
yeast Saccharomyces cerevisiae. FEMS Microbiol Rev 2014,
38:254–299.
23. Burgard AP, Nikolaev EV, Schilling CH, Maranas CD: Flux
coupling analysis of genome-scale metabolic network re-
constructions. Genome Res 2004, 14:301–312.
24. Melnykov AV: New mechanisms that regulate Saccharo-
myces cerevisiae short peptide transporter achieve
balanced intracellular amino acid concentrations. Yeast
2016, 33:21–31.
25. Cavaliere M, Feng S, Soyer OS, Jiménez JI: Cooperation in
microbial communities and their biotechnological applica-
tions. Environ Microbiol 2017, 19:2949–2963.
26. Widder S, Allen RJ, Pfeiffer T, Curtis TP, Wiuf C, Sloan WT,
Cordero OX, Brown SP, Momeni B, Shou W, et al.: Challenges in
microbial ecology: building predictive understanding of
community function and dynamics. ISME J 2016, 10:
2557–2568.
27. Bokulich NA, Bamforth CW: The microbiology of malting and
brewing. Microbiol Mol Biol Rev 2013, 77:157–172.
28. Mori M, Hwa T, Martin OC, De Martino A, Marinari E:
Constrained allocation flux balance analysis. PLoS Comput
Biol 2016, 12, e1004913.
29. Zhuang K, Vemuri GN, Mahadevan R: Economics of membrane
occupancy and respiro-fermentation. Mol Syst Biol 2011, 7:
500.
30. Hartl J, Kiefer P, Meyer F, Vorholt JA: Longevity of major co-
enzymes allows minimal de novo synthesis in microorgan-
isms. Nat Microbiol 2017, 2:17073.
31. Keller MA, Turchyn AV, Ralser M: Non-enzymatic glycolysis
and pentose phosphate pathway-like reactions in a plausible
Archean ocean. Mol Syst Biol 2014, 10:725.
32. Laurino P, Tawfik DS: Spontaneous emergence of S-Adeno-
sylmethionine and the evolution of methylation. Angew Chem
Int Ed Engl 2017, 56:343–345.
33. Messner CB, Driscoll PC, Piedrafita G, De Volder MFL, Ralser M:
Nonenzymatic gluconeogenesis-like formation of fructose
1,6-bisphosphate in ice. Proc Natl Acad Sci USA 2017, 114:
7403–7407.
34. Nielsen J: It is all about metabolic fluxes. J Bacteriol 2003, 185:
7031–7035.
35. Zelezniak A, Sheridan S, Patil KR: Contribution of network
connectivity in determining the relationship between gene
expression and metabolite concentration changes. PLoS
Comput Biol 2014, 10, e1003572.
36. Kaleta C, Schäuble S, Rinas U, Schuster S: Metabolic costs of
amino acid and protein production in Escherichia coli. Bio-
technol J 2013, 8:1105–1114.
37. Link H, Fuhrer T, Gerosa L, Zamboni N, Sauer U: Real-time
metabolome profiling of the metabolic switch between star-
vation and growth. Nat Methods 2015, 12:1091–1097.
38. Orth JD, Conrad TM, Na J, Lerman JA, Nam H, Feist AM,
Palsson BØ: A comprehensive genome-scale reconstruction
of Escherichia coli metabolism–2011. Mol Syst Biol 2011, 7:
535.
39. D’Huys P-J, Lule I, Van Hove S, Vercammen D, Wouters C,
Bernaerts K, Anné J, Van Impe JFM: Amino acid uptake
profiling of wild type and recombinant Streptomyces livid-
ans TK24 batch fermentations. J Biotechnol 2011, 152:
132–143.
40. Reaves ML, Young BD, Hosios AM, Xu Y-F, Rabinowitz JD:
Pyrimidine homeostasis is accomplished by directed over-
flow metabolism. Nature 2013, 500:237–241.
41. O’Brien EJ, Utrilla J, Palsson BO: Quantification and classifi-
cation of E. coli proteome utilization and unused protein
costs across environments. PLoS Comput Biol 2016, 12,
e1004998.www.sciencedirect.com
Biochemical principles underlying cellular metabolic specialization Campbell et al. 10742. Sánchez BJ, Zhang C, Nilsson A, Lahtvee P, Kerkhoven EJ,
Nielsen J: Improving the phenotype predictions of a yeast
genome-scale metabolic model by incorporating enzymatic
constraints. Mol Syst Biol 2017, 13:935.
43. Peebo K, Valgepea K, Maser A, Nahku R, Adamberg K,
Vilu R: Proteome reallocation in Escherichia coli with
increasing specific growth rate. Mol Biosyst 2015, 11:
1184–1193.
44. Nilsson A, Nielsen J: Metabolic trade-offs in yeast are caused
by F1F0-ATP synthase. Sci Rep 2016, 6:22264.
45. Martin-Perez M, Villén J: Determinants and regulation of pro-
tein turnover in yeast. Cell Syst 2017, 5. 283–294.e5.
46. Molenaar D, van Berlo R, de Ridder D, Teusink B: Shifts in
growth strategies reflect tradeoffs in cellular economics. Mol
Syst Biol 2009, 5:323.
47. Gudbjarnason S, Mathes P, Ravens KG: Functional compart-
mentation of ATP and creatine phosphate in heart muscle.
J Mol Cell Cardiol 1970, 1:325–339.
48. Holloszy JO, Oscai LB, Don IJ, Molé PA: Mitochondrial citric
acid cycle and related enzymes: adaptive response to
exercise. Biochem Biophys Res Commun 1970, 40:
1368–1373.
49. Reichard GA, Moury NF, Hochella NJ, Patterson AL,
Weinhouse S: Quantitative estimation of the Cori cycle in the
human. J Biol Chem 1963, 238:495–501.
50
* *
. Hui S, Ghergurovich JM, Morscher RJ, Jang C, Teng X, Lu W,
Esparza LA, Reya T, Le Zhan, Yanxiang Guo J, et al.: Glucose
feeds the TCA cycle via circulating lactate. Nature 2017, 551:
115–118.
Decades after its discovery, this work reveals a new function for the
Cori cycle: To feed the TCA cycle and to allow decision making be-
tween gluconeogenesis and glucose oxidation.
51. Semenza GL: Tumor metabolism: cancer cells give and take
lactate. J Clin Investig 2008, 118:3835–3837.
52. Szenk M, Dill KA, de Graff AMR: Why do fast-growing bacteria
enter overflow metabolism? Testing the membrane real
estate hypothesis. Cell Syst 2017, 5:95–104.
53. Denko NC: Hypoxia, HIF1 and glucose metabolism in the
solid tumour. Nat Rev Cancer 2008, 8:705–713.
54. Grüning N-M, Ralser M: Cancer: sacrifice for survival. Nature
2011, 480:190–191.
55. van Hoek MJA, Merks RMH: Redox balance is key to
explaining full vs. partial switching to low-yield metabolism.
BMC Syst Biol 2012, 6:22.
56. Vemuri GN, Altman E, Sangurdekar DP, Khodursky AB,
Eiteman MA: Overflow metabolism in Escherichia coli
during steady-state growth: transcriptional regulation and
effect of the redox ratio. Appl Environ Microbiol 2006, 72:
3653–3661.
57. Vemuri GN, Eiteman MA, McEwen JE, Olsson L, Nielsen J:
Increasing NADH oxidation reduces overflow metabolism in
Saccharomyces cerevisiae. Proc Natl Acad Sci USA 2007, 104:
2402–2407.
58. Heikal AA: Intracellular coenzymes as natural biomarkers for
metabolic activities and mitochondrial anomalies. Biomark
Med 2010, 4:241–263.
59. Ringel AE, Ryznar R, Picariello H, Huang K-L, Lazarus AG,
Holmes SG: Yeast Tdh3 (glyceraldehyde 3-phosphate dehy-
drogenase) is a Sir2-interacting factor that regulates tran-
scriptional silencing and rDNA recombination. PLoS Genet
2013, 9, e1003871.
60. Wolfe AJ: The acetate switch. Microbiol Mol Biol Rev 2005, 69:
12–50.
61. Krämer R: Analysis and modeling of substrate uptake and
product release by prokaryotic and eukaryotic cells. Adv
Biochem Eng Biotechnol 1996, 54:31–74.
62. Radzikowski JL, Vedelaar S, Siegel D, Ortega ÁD, Schmidt A,
Heinemann M: Bacterial persistence is an active sS stresswww.sciencedirect.comresponse to metabolic flux limitation. Mol Syst Biol 2016, 12:
882.
63. Yan D, Lenz P, Hwa T: Overcoming fluctuation and leakage
problems in the quantification of intracellular 2-oxoglutarate
levels in Escherichia coli. Appl Environ Microbiol 2011, 77:
6763–6771.
64. Yang NJ, Hinner MJ: Getting across the cell membrane: an
overview for small molecules, peptides, and proteins.
Methods Mol Biol 2015, 1266:29–53.
65. Henderson CM, Block DE: Examining the role of membrane
lipid composition in determining the ethanol tolerance of
Saccharomyces cerevisiae. Appl Environ Microbiol 2014, 80:
2966–2972.
66. Jones CM, Hernández Lozada NJ, Pfleger BF: Efflux systems in
bacteria and their metabolic engineering applications. Appl
Microbiol Biotechnol 2015, 99:9381–9393.
67. Bosdriesz E, Wortel MT, Haanstra JR, Wagner MJ, de la Torre
Cortés P, Teusink B: Low affinity membrane transporters can
increase net substrate uptake rate by reducing efflux. bioRxiv
2017.
68. Linster CL, Van Schaftingen E, Hanson AD: Metabolite
damage and its repair or pre-emption. Nat Chem Biol 2013,
9:72–80.
69. Bergkessel M, Basta DW, Newman DK: The physiology of
growth arrest: uniting molecular and environmental micro-
biology. Nat Rev Microbiol 2016, 14:549–562.
70. Nielsen JC, Grijseels S, Prigent S, Ji B, Dainat J, Nielsen KF,
Frisvad JC, Workman M, Nielsen J: Global analysis of biosyn-
thetic gene clusters reveals vast potential of secondary
metabolite production in Penicillium species. Nat Microbiol
2017, 2:17044.
71. Emri T, Molnár Z, Szilágyi M, Pócsi I: Regulation of autolysis in
Aspergillus nidulans. Appl Biochem Biotechnol 2008, 151:
211–220.
72. Bhat S, Ahrendt T, Dauth C, Bode HB, Shimkets LJ: Two lipid
signals guide fruiting body development of Myxococcus
xanthus. MBio 2014, 5:e00939–e009313.
73
*
. Borgeaud S, Metzger LC, Scrignari T, Blokesch M: The type VI
secretion system of Vibrio cholerae fosters horizontal gene
transfer. Science 2015, 347:63–67.
This work shows how killing neighbouring cells plays a role in hori-
zontal gene transfer.
74. Foulston L, Elsholz AKW, DeFrancesco AS, Losick R: The
extracellular matrix of Staphylococcus aureus biofilms
comprises cytoplasmic proteins that associate with the cell
surface in response to decreasing pH. MBio 2014, 5:
e01667–e016614.
75. Allocati N, Masulli M, Di Ilio C, De Laurenzi V: Die for the
community: an overview of programmed cell death in bac-
teria. Cell Death Dis 2015, 6, e1609.
76. Carmona-Gutierrez D, Eisenberg T, Büttner S, Meisinger C,
Kroemer G, Madeo F: Apoptosis in yeast: triggers, pathways,
subroutines. Cell Death Differ 2010, 17:763–773.
77. Burke G, Fiehn O, Moran N: Effects of facultative symbionts
and heat stress on the metabolome of pea aphids. ISME J
2010, 4:242–252.
78. Yuan H-X, Xiong Y, Guan K-L: Nutrient sensing, metabolism,
and cell growth control. Mol Cell 2013, 49:379–387.
79. Chantranupong L, Wolfson RL, Sabatini DM: Nutrient-sensing
mechanisms across evolution. Cell 2015, 161:67–83.
80. Ljungdahl PO, Daignan-Fornier B: Regulation of amino acid,
nucleotide, and phosphate metabolism in Saccharomyces
cerevisiae. Genetics 2012, 190:885–929.
81. Campbell K, Vowinckel J, Keller MA, Ralser M: Methionine
metabolism alters oxidative stress resistance via the pentose
phosphate pathway. Antioxid Redox Signal 2016, 24:543–547.
82. Krüger A, Vowinckel J, Mülleder M, Grote P, Capuano F,
Bluemlein K, Ralser M: Tpo1-mediated spermine andCurrent Opinion in Systems Biology 2018, 8:97–108
108 Regulatory and metabolic networks (2018)spermidine export controls cell cycle delay and times anti-
oxidant protein expression during the oxidative stress
response. EMBO Rep 2013, 14:1113–1119.
83
* *
. Cohen LJ, Esterhazy D, Kim S-H, Lemetre C, Aguilar RR,
Gordon EA, Pickard AJ, Cross JR, Emiliano AB, Han SM, et al.:
Commensal bacteria make GPCR ligands that mimic human
signalling molecules. Nature 2017, 549:48–53.
Using in vitro models and mice, this work shows that gut microbes can
regulate human physiology-metabolic hormones and glucose
homoeostasis-through ligand mimicry.
84
* *
. Fischer CN, Trautman EP, Crawford JM, Stabb EV,
Handelsman J, Broderick NA: Metabolite exchange between
microbiome members produces compounds that influence
Drosophila behavior. Elife 2017, 6, e18855.
This work shows how fruit flies use their immune system to select for
interacting microorganisms that produce both ethanol and acetic acid
for colonising their gut.
85
*
. Ackermann M: A functional perspective on phenotypic het-
erogeneity in microorganisms. Nat Rev Microbiol 2015, 13:
497–508.
This review nicely summarizes the known molecular mechanisms
behind phenotypic heterogeneity and the functional benefits of such
heterogeneity in prokaryotes.
86. Claudi B, Spröte P, Chirkova A, Personnic N, Zankl J,
Schürmann N, Schmidt A, Bumann D: Phenotypic variation of
Salmonella in host tissues delays eradication by antimicro-
bial chemotherapy. Cell 2014, 158:722–733.
87. Avraham R, Haseley N, Brown D, Penaranda C, Jijon HB,
Trombetta JJ, Satija R, Shalek AK, Xavier RJ, Regev A, et al.:
Pathogen cell-to-cell variability drives heterogeneity in host
immune responses. Cell 2015, 162:1309–1321.
88
*
. Levin-Reisman I, Ronin I, Gefen O, Braniss I, Shoresh N,
Balaban NQ: Antibiotic tolerance facilitates the evolution of
resistance. Science 2017, 355:826–830.
This work highlights that antibiotic resistance could be mitigated by
identifying bacteria with mutations that confer antibiotic tolerance.
89. Piccirillo S, Kapros T, Honigberg SM: Phenotypic plasticity
within yeast colonies: differential partitioning of cell fates.
Curr Genet 2016, 62:467–473.
90. Maamar H, Raj A, Dubnau D: Noise in gene expression de-
termines cell fate in Bacillus subtilis. Science 2007, 317:
526–529.
91. New AM, Cerulus B, Govers SK, Perez-Samper G, Zhu B,
Boogmans S, Xavier JB, Verstrepen KJ: Different levels of
catabolite repression optimize growth in stable and variable
environments. PLoS Biol 2014, 12, e1001764.
92. Raj A, van Oudenaarden A: Nature, nurture, or chance: sto-
chastic gene expression and its consequences. Cell 2008,
135:216–226.Current Opinion in Systems Biology 2018, 8:97–10893. Elowitz MB, Levine AJ, Siggia ED, Swain PS: Stochastic gene
expression in a single cell. Science 2002, 297:1183–1186.
94. Keren L, van Dijk D, Weingarten-Gabbay S, Davidi D, Jona G,
Weinberger A, Milo R, Segal E: Noise in gene expression is
coupled to growth rate. Genome Res 2015, 25:1893–1902.
95. Kiviet DJ, Nghe P, Walker N, Boulineau S, Sunderlikova V,
Tans SJ: Stochasticity of metabolism and growth at the
single-cell level. Nature 2014, 514:376–379.
96. Schwabe A, Bruggeman FJ: Single yeast cells vary in tran-
scription activity not in delay time after a metabolic shift. Nat
Commun 2014, 5. ncomms5798.
97. Shou W, Ram S, Vilar JMG: Synthetic cooperation in engi-
neered yeast populations. Proc Natl Acad Sci U S A 2007, 104:
1877–1882.
98. Sophianopoulou V, Diallinas G: Amino acid transporters of
lower eukaryotes: regulation, structure and topogenesis.
FEMS Microbiol Rev 1995, 16:53–75.
99. Serra DO, Klauck G, Hengge R: Vertical stratification of matrix
production is essential for physical integrity and architecture
of macrocolony biofilms of Escherichia coli. Environ Microbiol
2015, 17:5073–5088.
100
*
.Cáp M, Stepánek L, Harant K, Váchová L, Palková Z: Cell dif-
ferentiation within a yeast colony: metabolic and regulatory
parallels with a tumor-affected organism. Mol Cell 2012, 46:
436–448.
This paper shows that cellular heterogeneity, as a result of cellular
differentiation within a yeast colony, is coupled to metabolic
differentiation.
101
* *
. Liu J, Prindle A, Humphries J, Gabalda-Sagarra M, Asally M,
Lee D-YD, Ly S, Garcia-Ojalvo J, Süel GM: Metabolic co-
dependence gives rise to collective oscillations within bio-
films. Nature 2015, 523:550–554.
This paper shows through modelling how the growth of a biofilm de-
pends on the metabolic exchange between localized subpopulations of
the biofilm. The paper also provides direct evidence of how perturbing
metabolic exchange can enhance killing of the biofilm.
102
*
. Gallone B, Steensels J, Prahl T, Soriaga L, Saels V, Herrera-
Malaver B, Merlevede A, Roncoroni M, Voordeckers K,
Miraglia L, et al.: Domestication and divergence of
Saccharomyces cerevisiae Beer yeasts. Cell 2016, 166.
1397–1410.e16.
Using genomic sequencing, this work shows that the common ancestor
of industrial beer could be traced back to the 1500s before the formal
discovery of microorganisms.
103. Christiaens JF, Franco LM, Cools TL, De Meester L, Michiels J,
Wenseleers T, Hassan BA, Yaksi E, Verstrepen KJ: The fungal
aroma gene ATF1 promotes dispersal of yeast cells through
insect vectors. Cell Rep 2014, 9:425–432.www.sciencedirect.com
